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Adaptive multi-objective differential evolution algorithm based on the
dynamic parameters adjustment

HOU Ying', HAN Hong-gui, QIAO Jun-fei

(1. Faculty of Information Technology, Beijing University of Technology, Beijing 100124, China; 2. Beijing Key
Laboratory of Computational Intelligence and Intelligent System, Beijing 100124, China)

Abstract: To obtain the optimal solutions of the multi-objective differential evolution algorithm, an adaptive multi-
objective differential evolution(AMODE) algorithm based on the dynamic parameters adjustment strategies is developed,
in which the adaptive adjustment strategies are designed to select the scaling factor and crossover rate. Then, the suitable
scaling factor and crossover rate can be calculated in the mutation and crossover processes to balance the local search and
the global exploration abilities of the multi-objective differential evolution algorithm. Thus, the integrity and uniformity
optimal solutions are able to be obtained in the evolutionary process. The experimental results show that this proposed
AMODE algorithm has a better effect to improve the inverted generational distance(IGD) and spacing(SP).
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