5 33% 4 6 = # 5 &k K Vol.33 No.6
20184 6 A Control and Decision Jun. 2018

XEHS: 1001-0920(2018)06-1117-06
FEFmEIXBEAREIEREMERIRIER X FTE

Rt & % M & SBRRT
(CREWF Y BB S, LT KE 116026)

T8 B QIR i) S T B B Al A8 B i, LG R S W L DS A R RS R R SR is
PSR, AFLTET R P 5 25 9 3l =l K P s o, AT A7 E AR AR T 0 o . 5% b, 4 7 ot S TR R 500 7 i ) 5 P
TR IR ISARE B, T FH B D B R A M 2 o 100 [ ) I DR R R 5 G, R o DX B DK 0 A 6 ) 246 PRI
FEE T 1 AT BT A, BRI 2R 2 [0 TR, R FRASERA Ko 35900 SR SRT 7 it DG IR DR B0 A i D9 8% 1O AT DR SR 2K, I
P o T A T o T A0 0 1y R AR T8 A R TR 2 B TR A N P B Y T 33 R s
T2 2 B A B e, IS T R A BIRCR.

SERIR): T KBE; ORI, R M 4%

FESES: C931.9 XRRFRERD: A

DOI: 10.13195/j.kzyjc.2017.0307

Fast clustering for sparse network of retail products associated big data

LI Tao-ying', LI Feng, CHEN Yan, LYU Xiao-ning
(College of Transportation Management, Dalian Maritime University, Dalian 116026, China)

Abstract: The association rules method is widely used in the analysis of retail trading data so as to guide the operational
decision-making for category management, store layout and the commodity sales promotion of products. However, the
data of the electronic commerce website is very huge, which leads to the low inefficiency of the associate rule. The fast
clustering for sparse network of retail products associated big data is proposed. Firstly, the structure of the one step linked
list is used to store the co-purchasing matrix. Then, the nodes with the low degree in the sparse network of retail products
associated big data are pruned, which reduces the search space. Furthermore, the nodes of the sparse network of retail
products associated big data are grouped by fuzzy k clustering with the idea that the nodes with high connectivity value
are partitioned by the nodes with low connectivity value. Finally, the proposed algorithm is applied to analyze the trading
data of the Amazon website, and the results show the effectiveness of the proposed method.
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