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Abstract:

such methods need to obtain a variety of fault feature data obtained from different sensors. If the data of all features

Fault diagnosis based on multi-source information fusion can improve equipment diagnosis rate. However,

are used for diagnosis, then computation burden will be too large to realize real-time diagnosis. Based on evidence
theory and rough sets, a belief interval-based attribute reduction theorem and the corresponding fault feature (attribute)
reduction method are presented so as to use the reduced important features to make fast diagnosis decision. In detail, the
random fuzzy variable and K -means are used to discretize the data of features. The core attribute set can be achieved by
compressed binary matrix. Thus, the belief interval size of attribute is taken as the criterion of attribute selection in the
iterative reduction process in which the important attributes are added to the core. Finally, the reduction result is obtained.
In the experiment of features fusion diagnosis of motor rotor, the effectiveness of the proposed method is illustrated by
comparing with the classical rough set reduction methods.
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1,2, N)RREn Mkl V RIS o M1 D, BUE Y
fE 3.
XTAERE P C O D, LLE X FANA] X 73 2%
#:
Rp={{z,y} €U xUNc e P,c(z)=cly)}, )

Horb Rp AR G R, FIH Rp XU #4751 55, W)
HRMFEAR  C URISEN I [2]p N



F4H RRIE ¥ AT

JE X 8] 6 AR AR 24 ) O ik 769

[z]p ={yly € U, (z,y) € Rp}. A3)

%0p = D(y):y € [z]p,r e URRz KT PH
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|U?) = O(|C)? x |U?). BT 4 — 3k il 55 FE 5 4 i
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(91X 23X FH 3X Al A3 1D A A ik e A A1 A% . %
T #1500/ m, W] 1X =25Hz, 2X =50Hz, 3X =
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