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Texture defects detection based on prior distribution active contour model

DAI Ming", YE Mu-chao', ZHOU Zhi-heng'f, YANG Zhi-wei?

(1. School of Eectronics and Information Engineering, South China University of Technology, Guangzhou 510640,
China; 2. Guangzhou Smart City Research Institute, Guangzhou 510060, China)

Abstract: Human vision is gradually substituted by computer vision in the field of products surface detection. This
is the inevitable trend of industrial automation control. However, surface texture is always a difficult point for defects
detection. This paper starts from the angle of image segmentation, treating defects as objects and textures as backgrounds,
to extract the surface defects. Based on the non-parametric statistical activie contour model, a distribution prior model
is proposed. Our model utilizes the distribution of textures as the prior distribution of the background, which makes it
easier to distinguish the defects and the textures. Experiment results show that the proposed method adapts to defects

detection in different texture background, and exactly extracts the location of defects.

Keywords: defects detection; textures background; active contour model; prior distribution
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