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Image semantic understanding method based on global interaction

KU Tao'?t, XIONG Yan-bin'23, YANG Nan“23, LIN Yue-xin'2, ZHU Zhu*

(1. Shenyang Institute of Automation, Chinese Academy of Sciences, Shenyang 110016, China; 2. Institutes for
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Abstract: Aiming at the problem that image information is easily blurred during image semantic generation, an image
semantic generation model based on the combination of gated recurrent unit (GRU) and global interaction of image
information is proposed. Processing and word vector mapping methods achieve model-driven image semantic generation.
The experimental results show that the model can better solve the problems of data sparseness and skewness. The use of
GUR units further reduces the scale of low model parameters, speeds up the algorithm’s convergence speed, effectively
suppresses model overfitting, and improves the richness, accuracy and logicality of image content.
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1) A young boy is either jumping on a trampoline
or skateboarding and he is serious about it on a beautiful
summer day.

2) A young boy looking to be jumping on the
trampoline in a very beautiful neighborhood.

3) A guy is jumping and grabbing his foot with a
house in the background.

4) A boy grimaces as he jumps high in the air.

5) A boy grabs his leg as he jumps in the air.
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1) A white dog and a black dog are running on the
grassy field.

2) A motorcyclist in black outerwear is riding a

motorcycle on the road.
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3) A young boy in a blue shirt is playing with a little
toy.

4) A little girl in a white shirt is sitting on the grass
holding a few flowers.

5) A little boy in blue jeans is running on the beach.

6) A man in white shirt and shorts is playing soccer.
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