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Incremental updating of fuzzy probability rough sets over two universes
based on matrix method

LIU Dan', LI Jing-wei

(1. College of Computer Science & Technology, Henan Institute of Technology, Xinxiang 453003, China; 2. Big
Data Engineering Research Center of Henan for Production & Manufacturing IoTs, Xinxiang 453003, China)

Abstract: The fuzzy probability rough set over two universes is a new data mining model for the two universes information
system. However, the two universes information system in real application is always in dynamic updating. In order to
solve this problem, a fuzzy probability rough set over two universes incremental updating method based on the matrix
is proposed. Firstly, the fuzzy probability rough sets over two universes are expressed by matrix method. Then, on the
basis of matrix expression model, the incremental updating mechanism of the model is studied when the objects increase
and decrease in two universes of the two universes information system, respectively. And based on this incremental
updating, the corresponding incremental updating algorithm is finally proposed. The experimental analysis shows that
the proposed incremental updating algorithm can complete dynamic updating of the model in a very short time compared
to the non-incremental updating algorithm, which verifies the effectiveness of the proposed algorithm. At the same time,
compared with other related algorithms, the proposed algorithm has certain advantages.
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step 3:H5EM) 4 MATER R CT;
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