BHSRE

Control and Decision

E T IR AR T B2 A
kR, RN, EB

AL
YK, JRI R, B ST TS O AR AL TH A% 25 R, 45061 5 Pk, 2021, 36(4): 917-924.

TEZRIR]IE View online: https:/doi.org/10.13195/j.kzyjc.2019.1101

BT BRSO HAB S EE

Articles you may be interested in

HE TR B UG SRR AR S 08 B 51k

Incremental updating of fuzzy probability rough sets over two universes based on matrix method
PS5k, 2021, 36(3): 553-564  https://doi.org/10.13195/j.kzyjc.2019.0692

SR N A e sl FAR Nk

Panoramic video motion small target detection algorithm in complex background

P 5P 2021, 36(1): 249-256  https://doi.org/10.13195/j kzyjc.2019.0686

TR BB e e BEAG TR

A clutter density estimation algorithm by optimized sparsity order

Pl 5 H K. 2020, 35(12): 2923-2930  hitps://doi.org/10.13195/j kzyjc.2019.0429
FET LA AT S R AR A I 3

Real-time fall detection algorithm based on pose estimation

P 508 2020, 35(11): 2761-2766  https://doi.org/10.13195/; kzyjc.2019.0382
SR AP W R R B SR T A A RES

Multi-objective particle swarm optimization algorithm based on tree—structured unbounded archive

P 53, 2020, 35(11): 2675-2686  https://doi.org/10.13195/;.kzyjc.2019.0276


http://kzyjc.alljournals.cn
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.1101
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.0692
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.0686
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.0429
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.0382
http://kzyjc.alljournals.cn/ch/reader/view_abstract.aspx?doi=10.13195/j.kzyjc.2019.0276

9 36% 4 4 = oH# 5 xR Vol.36 No.4
20214 44 Control  and  Decision Apr. 2021

E Tl s LA MG 180 B2 1

BarS, A#E, & 3

(P CRE2ERE THRNL TR 2B, L 211167)
& O N7 BRI R AR AT SRS A 0 UR 5, 42 P T T SO R R A T ) DX 2 A )
TR R R EAARRRTR SE R R RIE R AT SRR A S TR A T A DX 3 3 4. 1 o, R
FH 7 B2 M SR AR SR 2R St B AT W46 3815 AR5, 43 BRI B 175 2R R AN AT LR R, IR 3 SR R0t i
SRRIATIRA B S5, SR PR R AN TH 00k o0 ) % 2 4 S RANIRAL S5 Al 52k AT 235 Mk DX U, % o
SEOLAT R W P S IG2 B, AT H SRVE AR L H A SRR A T e o 2R, L AT ORI P R
KR R H AR AT MR R B RGN AR
FEDHES: TP273 XHERFRASAD: A
DOI: 10.13195/j kzyjc.2019.1101 FERRE (RIRBRS5) #RIRES (OSID):
SIS Ak A J Fk, FEBE. BT 1l se U A RURE S £t T 1) S 2 MR I (0], 2 5 3R, 2021, 36(4): 917-924.

Saliency detection based on foreground optimization and probability
estimation

ZHAI Ji-you®, ZHOU Jing-bo, HUO Ying
(School of Computer Engineering, Nanjing Institute of Technology, Nanjing 211167, China)

Abstract: In order to recognize the salient objects in images more accurately, a saliency detection algorithm based on
foreground optimization and probability estimation is proposed. The proposed algorithm mainly includes three parts, i. e.,
foreground and background cues selection, foreground cues optimization and salient region detection based on probability
estimation. Firstly, the simple linear iterative clustering algorithm is used for initial segmentation of images. Then, the
background cues and foreground cues are detected from the given image respectively. In addition, the foreground cues
are optimized by background cues. Finally, saliency maps are obtained using the probability estimation algorithm on
the basis of the background cues and optimized foreground cues respectively. The results are fused to generate final

saliency map. Experimental results show that the proposed algorithm achieves higher precision in comparison with other

algorithms, which has better detection performance.

Keywords: salient objects; foreground optimization; probability mass function; saliency detection; cues
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