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YOLOVS object detection network with improved pyramid and skip
connection

LIU Jian-qi, YAN He', WANG Xiao-tang, LI Meng-xue
(Liang Jiang School of Artificial Intelligence, Chongqing University of Technology, Chongging 401135, China)

Abstract: The pyramid structure of the YOLOvVS5 network model can not effectively capture the cross-scale feature
information of the object and the gradient disappears which causes the problem that the accuracy of object detection is
not high. The attention mechanism of FPT (feature pyramid transformer) can be used to extract the cross-scale feature
information of the object, and then the FPN (feature pyramid network) and the PAN (path aggregation network) in the
original YOLOvVS5 network model are replaced by the FPT. Skip connection is added at both ends of the FPT structure and
an improved Mish activation function is introduced. Thus, an improved object detection network model, namely YOLO
FS, is proposed. The experimental results on PASCAL VOC and MS COCO datasets show that the average detection
accuracy, recall and F1-score of object detection based on the proposed network are significantly improved.

Keywords: object detection; YOLOvS; FPT; skip connection; mish activation function
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HoAth 753, YOLO FS 7E YOLOVS [’ 4% ity 3L il 4
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FrAHIT I, YOLOVSs W 28 2> k. IR A ] /L, 1
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