Hx & x = % 5 xR Vol.x No.x

xxxx & x B Control and  Decision XXX. XXXX

ETR2EUF IRIE T iH% B KRR 71 R

ABRE, XNFMAL F %, BKZ
(BRI R NS AR, BT 430074)

T BEAE U E ARG, H 7T R H R R SR ZR B ke 1A RIS, T 5 I 2 P A BRI B A2 5. 5kt
IR VR B2 5 AN 2] 5 72 DU 455 Ak BHLGGE A A7 B A 358 240 TR [ B, 48 R — o 6 T A B9 I A st ) 88 R - PR R
SR R R AR AN SRR AR AL T . A, R R LR U SR R e T i B AR Y, I AE LA b SR F
(A 24 3R By SR AT R e SR AR, I A 015 2 I B RO ST 400 1 T4 N S R A A IR a5 Lk, 51 N JE k- A B
EOLE, 8T B G R R A R B E IR T, BRI A A B A TE NI, 5] S BRI E R R I R B 3 5 R0
SEIMREA L R B ACARAN 50 fe 5, 22T IEEE 3 5 SUF1 IEEE 30 % i RS 0107 E 45 R, Frif th ik AR g
5 ORI AT YA, T L BEAE P 8 < D A A [ B 36 gk S % e 4R A S T 22 35

FEIR: BT RE AP REE, RFOASEI H A BEORECA ot A nRikaE )

FE 5SS TP273 XHEFRER: A

DOI: 10.13195/j.kzyjc.2025.1180

SIFAE: BRI, XIEE, Tk, & BT mib = S Wi i & B IR N SR [J]. B 5 ek

Low-carbon bidding strategies for power generators in electricity
markets based on safe reinforcement learning

ZHU Xiao-qing, LIU Zhi-wei', LEI Hao, ZHOU Chang-yuan

(School of Artificial Intelligence and Automation, Huazhong University of Science and Technology, Wuhan
430074, China)

Abstract: With the accelerating implementation of China’s dual-carbon targets, power market generators are required
to pursue economic benefits while complying with increasingly stringent carbon emission quota constraints. To address
the difficulty that existing deep reinforcement learning (DRL) methods face in effectively handling hard physical or
environmental constraints, this paper proposes a generator bidding strategy optimization method based on a
Lagrangian-relaxed Soft Actor—Critic algorithm (SACLag). First, a market clearing model incorporating DC power
flow constraints is constructed, upon which a constrained Markov decision process (CMDP) for each generator is
formulated. The objective is to maximize long-term cumulative revenue while satisfying instantaneous carbon emission
quota limits. Second, a primal-dual update mechanism is introduced to adaptively adjust the Lagrangian multipliers,
transforming the carbon emission constraint into a dynamic penalty term. This mechanism guides the agent to
autonomously explore environmentally compliant optimal bidding strategies. Finally, simulation results on the IEEE 3-
bus and IEEE 30-bus systems demonstrate that the proposed method not only approximates the Nash equilibrium
effectively but also achieves the trade-off between economic returns and environmental compliance by strategic
bidding.

Keywords: clectricity market; soft actor-critic; Lagrangian relaxation; carbon emission allowances; nash
equilibrium; safe reinforcement learning
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